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People’s feelings about AI: 
what the evidence tells us



What We Did And Why We 
Did It

Why
Artificial intelligence (AI) is impacting 
everyone’s lives, but discussions 
surrounding the technology and its 
regulation overlook public feeling. 
Society’s most marginalised are often 
those who are most negatively affected 
by technological advancements like AI, 
and also the most overlooked in social 
research to understand public opinion.

To improve understanding of what we 
know about people’s feelings about 
AI, we conducted a review of existing 
evidence. By public feeling, we mean 
perceptions and experiences of AI, as 
well as knowledge of, attitudes towards 
and emotions about it. The evidence 
uses the term AI to refer to ideas of AI 
in general, specific technologies, such 
as facial recognition, and its uses in 
domains like healthcare.

Evidence is important because it 
influences governance decisions and 
discussions around AI development. 
Who makes evidence and who is included in evidence is important, 
especially when that evidence is meant to reflect public opinion 
on an issue as important as AI. We considered these things in our 
approach, expanding on previous research to cover who is doing 
this research about whom, and who is overlooked.
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What 
Our evidence review collated and interrogated 320 individual 
examples of international evidence on how people feel about AI. 

We categorised these as follows:
Which researchers say What, in What Way, How, Why and Where 
– that is, we looked at researchers’ motivations, funding, research 
design, data collection, findings, conclusions and recommendations.

Which people/members of the public say What about What, in What 
Way, How, Why and Where - that is, we looked at how people feel 
about which AI, how they were asked about it, where they are from, 
who they are (also referred to as their demographic characteristics), 
why they were asked.
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How 
We undertook a systematic search of online, predominantly 
academic research databases and a manual search that began with 
literature we knew and then snowballed out. Our sample included a 
broad range of academic disciplines. It also included grey literature 
– that is, documents produced by independent, civil society, third 
sector, governmental or commercial organisations or by academics 
for non-academic audiences. 

We anticipated that research in global majority contexts would 
be underrepresented, and we originally planned to fill gaps in the 
sample through manual searching and recommendation. Sadly, 
we did not have time to do so, but our recommendations include 
further research which prioritises this correction.
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What We Found

About how different people feel about AI
1. There is evidence that people are concerned about AI. This is often when 
people are asked about AI in general, but also when people are shown very 
specific uses. People want AI decision-makers, developers and deployers to 
address these concerns.

2. People’s opinions of AI are complex. One person may hold views that appear 
contradictory, recognising benefits, feeling excited, while also feeling concerned 
about potential harms at the same time. 

3. Much of the evidence fails to adequately represent differences of opinions 
across socio-cultural or demographic groups, particular communities, or local 
and national populations. If some people are positive and others negative, this 
is sometimes reported as ambivalence, which is inaccurate. 

4. Positive views are often 
foregrounded over negative views, 
even in balanced reporting. For 
example, the optimism of particular 
groups is often described first, in 
a headline finding or summary. 
Readers may therefore be inclined 
to pay more attention to the positive 
views than the negative views, 
and this subtle emphasis will skew 
interpretations of the evidence. 

5. Reporting of positive views often 
represents a majority (for example, 
educated men), whereas the opinions 
of minoritised groups are less present 
in headline findings in the evidence.



About the evidence on people’s  
feelings on AI
1. Over time, there is more reporting of concern and ambivalence. Further 
research is required to understand how much these headline findings are 
affected by media coverage of AI or other factors, such as the motivations 
and methods behind the research. 

2. Different kinds of research arrive at different findings. People working in 
or researching AI are sometimes referred to as builders and blockers. 

– Builders tend to advocate for the opportunities of AI, whereas those 
who are critical, and concerned for AI’s social impacts are characterised as 
blockers. Those represented as builders include pro-innovation interest 
groups, and researchers in disciplines who build AI products. These groups 
are often keen to establish that AI technologies are seen as trustworthy. 
Their methods and findings often reflect this, for example by focussing on 
questions about technology acceptance. 

– Blockers are often civil society interest groups and academics from the 
social sciences and humanities who centre thoughts and feelings in their 
research and issues of fairness, accountability, transparency and ethics, or 
‘responsible AI’ in their findings. 

Not all research sits in one or other category, but much of our sample 
does. The motivations of the researchers can skew communications of the 
evidence. This can interfere with real public feeling aiding decision-making.
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3. Diversity is not approached well in research into people’s feelings about 
AI. Our sample contained a limited amount of evidence that communicated 
the views of diverse populations, and which did so successfully. Research 
methodologies and reporting mechanisms do not adequately reach, include 
or address the views of diverse communities. This means the views of some 
groups of people are not represented in the evidence. The lack of global majority 
research in the sample is striking.

4. When research does attempt to examine the views of diverse groups, this is 
not always done well. 

a, ‘Inclusion washing’ refers to the instrumental targeting of specific marginalised 
groups to suggest that they accept a particular technology, whether or not 
it reflects the interests of the people who have been consulted. We found 
numerous examples of research that does this in our sample of evidence. 

b, Inclusion is sometimes attempted 
through ‘sample boosts’ in surveys. 
This means including more 
minoritised people than is nationally 
representative, and collecting 
demographic data to describe them. 
Research that did this did not always 
analyse this collected information 
in depth, to really understand and 
include a diversity of views in a way 
that could inform decisions. 

c, Not all research was inclusive in the 
way it communicated AI to people 
in order to collect opinion. Or, if it 
was, the evidence reviewed did not 
always explain how this had been 
considered in the approach taken. 

d, Inclusion in research did not 
always translate into inclusion 
in findings. The perspectives of 
minoritised communities were often 
excluded from headline findings, 
exacerbating marginalisation.
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Conclusion 
Differences matter when it comes to understanding how people feel about 
AI. Not all things called AI are the same. In fact they are quite different, both 
technically, and in their specific uses. These differences impact how they affect 
people. The different social positions from which people encounter AI affect AI 
experiences and how we all feel about AI.

How, why, where and when research is conducted makes a difference to 
what it finds. How an AI system is represented will also affect this. Research 
motivations and methods, the questions asked, how findings are interpreted and 
presented, the political and disciplinary orientation of researchers and research 
commissioners shape findings that emerge and claims that are made in the 
evidence we reviewed.

•  Including people who are often overlooked

•  Being sensitive to needs of diverse groups 

•  Incorporating differences in analysis

•  Reporting on inequalities in findings

•  Communicating diverse perspectives clearly in recommendations

•  Reflecting on how the evidence serves the communities included in it

If we are to ensure AI for public 
good, we need to ensure the 
inclusion of public voices. This 
evidence review indicates that we 
need advocacy on how to assure this 
is done well, which requires clear 
communication of AI’s uses as a key 
component of critical AI literacy.
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What Should Happen Next
Our evidence review of how people feel about AI, suggests the following 
should happen. 

For policy-makers
•  Beware of taking findings on face value, especially if they suggest 
acceptance of and ambivalence about AI. Instead, engage with  
a broad range of evidence that acknowledges complexity of feeling  
and difference. 

•  Prioritise critical AI literacy across society. By critical AI literacy we 
mean equipping those working with AI, as well as the general public,  
with understanding and awareness of social and environmental impacts 
of specific technologies. This includes how they are applied across 
different contexts, and the social structures that shape them.

A, to improve public confidence in its understanding of AI’s impacts, 
including benefits and harms for individuals, and wider society.

B, to improve practitioner understanding of good AI deployment in  
their own context, and to account for public feeling and requirements.
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For researchers

•  Undertake research that includes 
diverse voices, to balance dominant 
views of fairer, responsible, useful, safe 
and ethical AI.

•  Ensure research uses appropriate 
methods that are sympathetic to 
communities whose views are sought: 
describe AI systems and shape 
questions in ways that are easy to 
understand. When people’s views are 
collected, ensure they are analysed in a 
way that does them justice. 

•  Undertake research to advance 
understanding of how people feel 
from global majority contexts, as this is 
lacking from the evidence.

•  Reflect the co-existence of 
contradictory views and unstable 
feelings in individuals, alongside 
clear representation of the diversity 
of perspectives within specific socio-
demographic groups and communities, 
and larger local and national 
populations. Avoid oversimplifying this 
as ambivalence. 

•  Be detailed and transparent about 
context, methods and framings, making 
it clear how these shaped findings.



For practitioners

•  Be transparent about AI uses in a way 
that is clear for different people across 
society. This involves who will be using a 
technology, and for what, when and why. 
Understanding what that technology is, 
is less useful than understanding how it 
is used to some audiences. 

•  Include diverse publics early in design 
and deployment decisions through 
genuine dialogue about what they want 
and need from AI. 

•  Critical AI literacy is vital to build AI 
systems that work for people. There 
needs to be commitment to developing 
understanding of the general public’s 
feelings and experiences of AI, especially 
for minority / marginalised groups.

Seek advice to improve practitioner 
understanding of the social impacts of AI 
systems and how to communicate about, 
and include, the public in the design and 
implementation of AI systems.

•  Ensure reporting accurately presents 
people’s views and experiences.
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